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Evolution of SatGPT over
S5 years
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eve rom 1984-Present in near-real-time,
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Types of Tools and Applications

HINDCAST NOWCAST FORECAST
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+ We need to look back to move forward
- Understand WHAT needs to be "huilt

back better"
- Generate critical data to train artificial
Virtual Satellite Constellation for Disaster Risk
anagement

intelligence models

Most importantly understand
SYSTEMIC RISK, THE WHERE
and THE HIDDEN LINKS
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2018

To develop a web-based quantitative tool
that allows a user to spatially map any flood
event from 1984 -Present in near-real-time,
using cloud computing and big Earth data

&‘ - Google Earth Engine is used as the S
Se? cloud computing platform e A
¥ ¥ . Access to 20 petabyte of Earth data —

1 petabye = 1 million gigabytes OR the whole of Amazon forest converted

(708 N
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- 600 lines of code computes 200-1000

GB of data in < 1 minute to generate a
single flood map
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2020

Flood Mapping Tool (floodmapping.inweh.unu.edu)
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» Listed in 2022 UN Climate Change Innovations Compendium
* Won the 2021 Popular Science Best of Whats New Award

¢ Google Cloud Q mapbox

Hosting Basemap and
3D services




Flood Mapping Tool (floodmapping.inweh.unu.edu)

Home About Help

Flood Mapping Tool
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Big Data Analysis for
Water-related
Applications

This online course introduces the
participants to Earth Engine Code Editor

platform, explore some basic
programming concepts, Earth Engine
data structures and methods, functions,
and algorithms, and implementation of
surface water detection algorithm.

Enroll Now
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2024-25

Multi-modal system (voice input, data
integration, analysis)

"Here is a picture of the data collected in the
field, use this to map the children impacted
by the 2024 floods in Afghanistan, you will
have to map the flood as well; use all the
available sensors; also create a Power Bl
siutation dashboard and use the UN base
maps, pick up the authentications from my
Keychain"
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CSATGPT

explore more at:
satgpt.net
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2010-07-10 to 2011-01-16: The 2010-2020 Bangkok floods were a series of devastating floods - 20-30%
that occurred in Thailand. The floods started on July 10, 2010, and lasted until January 16, | 30-40%
2011. The flooding affected various provinces in Thailand, including Bangkok, Nonthaburi, and . 40-50%
Ayutthaya. Thousands of homes, businesses, and agricultural fields were inundated, causing - 50-60%
s significant economic losses and displacing thousands of people. The floodwaters receded B 60-70%

i >s0%

slowly, prolonging the impact on the affected areas. 6 . 70-80%
a . Permanent Water




2024-25

Multi-modal system (voice input, data
integration, analysis)

"Here is a picture of the data collected in the
field, use this to map the children impacted
by the 2024 floods in Afghanistan, you will
have to map the flood as well; use all the
available sensors; also create a Power Bl
siutation dashboard and use the UN base
maps, pick up the authentications from my
Keychain"

Engin
gocspatial analysis.

« Leverage ChatGPT for Geospatial Tasks: Understand the capabilities,
benefits. and limitations of ChatGPT in the context of geaspatial data
analysis

+ Integrate ChatGPT with Google Earth Enginc: Scamiessly combine the
capabilities of both tools for efficiert geospatial data processing,

Understanding ChatGPT for Geospatial Data
sssssss

Introduction to GeoPrompt Engineering
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context:



Online Course
Introduction to Geospatial Data Analysis with ChatGPT and Google Earth Engine

~ Introduction to
- Geospatial Data
~ Analysis with ChatGPT
and Google Earth
Engine

This online course introduces the
participants to ChatGPT and Earth

Engine Code Editor platform to process
and interpret geospatial data.
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e

Gender-based distribution of the participants

Total number of participants 2750 wic.unu.edu
Total number of countries 110




Learning Outcomes

- Understand Geospatial Data Analysis Fundamentals: Grasp the core
concepts and significance of geospatial data, its applications across
various domains, and the basic datasets involved.

- Utilize Google Earth Engine: Set up and navigate the Google Earth
Engine environment, leveraging it as a powerful platform for
geospatial analysis.

- Leverage ChatGPT for Geospatial Tasks: Understand the capabilities,
benefits, and limitations of ChatGPT in the context of geospatial data
analysis.

- Integrate ChatGPT with Google Earth Engine: Seamlessly combine the
capabilities of both tools for efficient geospatial data processing.



Four modules

- Introduction to Geospatail Data Analysis

- Hands-on Practice: Basic Geospatial
Analysis with ChatGPT
- Real-world Applications and Case Studies



Understanding ChatGPT for Geospatial Data
Analysis

- Benefits and limitations of using
ChatGPT for geospatial analysis
- Integrating ChatGPT with GEE



Introduction to GeoPrompt Engineering

What is a Prompt?

What is Prompt Pattern?



Elements of GeoPrompt

Be specific:

Provide technical, spatial and temporal
context:

Define inputs and outputs:

GeoPrompt Example:



GeoPrompt Example:

As an specializing in remote sensing, your objective is to proficiently employ the Google Earth Engine
JavaScript API for air quality assessments over | In this chat, you will be given multiple tasks, and your initial task
is outlined below:

Filter and Extract Suitable Bands:

Filter out the collection with the appropriate band to extract accurate results of NO2 over the surface.
Apply Date Filter:

Implement a date filter on the collection covering

Visualization Parameters:

Apply distinct visualization parameters. You will use the color palette : e to display the NO2
collection.

Spatial Representation:



We are working with countries and cooperation partners to build
an ARRAY of tools and apps to address the data and information
needs in Asia and the Pacific
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Flood Hotspot Mapping Wildfire Hotspot Mapping
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Evolution of SatGPT over

O5 years
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2018 2023-24

To develop a web-based quantitative tool
that allows a user to spatially map any flood
event from 1984-Present in near-real-time,
using cloud computing and big Earth data
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Building institutional capacity to use artificial intelligence and spatiotemporal data
for SDGs monitoring and assessment
Objective: To establish the use of artificial intelligence and integrated spatiotemporal data for local SDG monitoring and decision-making.
Phase | Phase Il
Target Countries

Digital Tuchnclogies | Infovatizns
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T Aci = : Building resilient agricultural practices by integrating Central Asia Drought Information System
Bmldmg the Pan-Asia Partnershlp for GeosPat'al geospatial information for agricultural monitoring in the (C ADlS) Pilot Pr ;gct y
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Air Pollution information Lower Mekong Basin

Objectiva: To enhance the capacity of government agencies in target countries to strengthen national level air Objective: To strengthen the capacity of the lower Mekong countries to implement the recommendations 5 it a

pollution monitoring and management. o . Containad I the Asia-Paciic Plan of Action on Space AbALCation for SuStInabia Developmant 2018-2030 B s\ lon s W URs see Seta and aecenanyl
particularly those related to disaster risk management, natural resource management and climate change, 8 B .

Outcomes: Access to and utilize space applications to monitor and Introduce measures to Improve air quality; o . mment officials af the national and sub- national levels s the cloud-besed crop monitaring

Enhance capacity to utilize remote sensing data for air pollution monitoring; Engage in cooperative dialogue; Support ome: Gove o

evidence-based decisions for Improving nationat and subregionat air quality. system for the effective development of climate resilient agricultural practices in rice crop production.

Outcome: Target Central Asian countries use the pitot drought information system for drought monitoring and early
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B B
Building institutional capacity to use artificial intelligence and spatiotemporal data

for SDGs monitoring and assessment

Objective: To establish the use of artificial intelligence and integrated spatiotemporal data for local SDG monitoring and decision-making.
Phase | Phase Il
Target Countries Target Countries
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Road Accident Hotspot Analysis

B Cold Spot - 95% Confidence
Cold Spot - 90% Confidence
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Hot Spot - 95% Confidence
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Building resilient agricultural practices by integrating
geospatial information for agricultural monitoring in the

Lower Mekong Basin

Objective: To strengthen the capacity of the lower Mekong countries to implement the recommendations
contained in the Asia-Pacific Plan of Action on Space Application for Sustainable Development 2018-2030
particularly those related to disaster risk management, natural resource management and climate change.

Outcome: Government officials at the national and sub- national levels use the cloud-based crop monitoring
system for the effective development of climate resilient agricultural practices in rice crop production.
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Central Asia Drought Information System
(CADIS) Pilot Project

Objective: To strengthen the capacity of target Central Asian countries to use satellite data and geospatial
information for effective drought monitoring and early warning.

Outcome: Target Central Asian countries use the pilot drought information system for drought monitoring and early
warning.

Building the Central Asia
Drought Information
System in Kyrgyzstan:
Progress and the Way
Forward

Feasibility Study

Satellite Monitoring of the Wildfire

. g : i | TN Situation
® 0 8 . 5 5
@ ESCAPB un : i h- e y in Kyrgyzstan, 2001-2022
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Building the Pan-Asia Partnership for Geospatial
Air Pollution information

Objective: To enhance the capacity of government agencies in target countries to strengthen national level air
pollution monitoring and management.

Outcomes: Access to and utilize space applications to monitor and introduce measures to improve air quality;
Enhance capacity to utilize remote sensing data for air pollution monitoring; Engage in cooperative dialogue; Support
evidence-based decisions for improving national and subregional air quality.

H B0 3 — K2

Bangladesh Cambodia Indonesia Lao PDR Mongolia Philippines Thailand Viet Nam
SPARRSO MoE BRIN MONRE IRIMHE PhilSA GISTDA MONRE

Subject # Member States
Area

Space 4 BG, IN, PH, TH
Envir. 4 KH, LA, MN, VT
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