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Think Locally, act globally.
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The three ages of GIS
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e Devices /Sensors

N etWO rked e Data / Computing Resources

e Communities / Citizens
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Global Research Networks ?

INTERNET. > aarnet

Ausiralias Acsdemic
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Virtual Research Infrastructure ?

Loosely coupled network centric approach
Web Standards & Best Practice based
Open Data / Data Commons

Linked (Semantic) Data sharing

Crowd sourcing / expert validation
Multi-disciplinary

Public / Private sector Data Sharing
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Best Practices Summary

Best Practice 1: Use globally unique persistent HTTP
URIs for Spatial Things

Best Practice 2: Make your spatial data indexable by

search engines

Best Practice 3: Link resources together to create the
Web of data

Best Practice 4: Use spatial data encodings that match

your target audience

Best Practice 5: Provide geometries on the Web in a

usable way

Best Practice 6: Provide geometries at the right level of

accuracy, precision, and size

Best Practice 7: Choose coordinate reference systems

to suit your user's applications

Google

Best Practice 8: State how coordinate values are

encoded

Best Practice 9: Describe relative positioning

Best Practice 10: Use appropriate relation types to link

Spatial Things

Best Practice 11: Provide information on the changing

nature of spatial things

Best Practice 12: Expose spatial data through 'conve-

nience APIs'

Best Practice 13: Include spatial metadata in dataset

metadata

Best Practice 14: Describe the positional accuracy of

spatial data
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Cloud Accessible
Global Datasets &
Processing



& Radiant. Earth

Earth Imagery for Impact

Bring. the Earth on AWS
aIgOrIthm to the @ ArcGIS Online

data...



Urban Mapping * [ sove - Run J Reset IR

1 var L8 = ee.ImageCollection("LANDSAT/LC8_L1T")
2 .filterDate("2015-01-01", "2016-01-01")

3 .select("B[0-9]1x")

4

5 var image = ee.Algorithms.SimpleLandsatComposite(L8)
Map.addLayer(image, {min:@, max:6@, bands: ["B4", "B3", "B2"1});
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Urban Mapping *

var L8 = ee.ImageCollection("LANDSAT/LC8_L1T")
.filterDate("2015-01-01", "2016-01-01")
.select("B[0-9]x")

var image = ee.Algorithms.SimpleLandsatComposite(L8)

var training = image.sampleRegions("users/gorelick/urban/dallas", null, 30);
var classifier = ee.Classifier.cart().train(training, "class")
var result = image.classify(classifier);

CQUOVWoONOUTLWNE

Map.addLayer(result, {min:0, max:1, palette: ["black", "red"]});

GOOgle Imagery ©2017 TerraMetrics | 20 km b— 1 Terms of Use | Report a map error



3,066,080 1,800

Landsat Terapixe|f# Years of Every month for
Scenes of Dat Computation 32 years
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“I like to listen. I have
learned a great deal from
listening carefully. Most
people never listen.”

Ernest Hemingway
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http://www.youtube.com/watch?v=pgJbBKrg_HQ&t=10

Here come the machines

e Spectrograms taken at 50 sites over 3
years processed individually by a deep
convolutional neural network

e Open Source Tensor Flow tools allowed
processing using massively parallel
computing environments including GPU's

e Bird calls recognised at each site allowed
habitats to be accurately mapped
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Some research challenges

QO B =)< [ gl <@ 17:36 AM

e Veracity of cloud based information
e Data Protection Concerns
e Network Accessibility

e Societal nudge factors

e Academic Research Focus ?
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A Final Thought..
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