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OpenDRI Principles

Disaster risk data should be:

'h 1. Open by default

|®\ 2. Accessible, Licensed, &
lih Documented

3. Co-created

A
@ 4. Locally Owned

t@ 5. Communicated in ways that
meet needs of diverse users

Open Data projects in the disaster
risk space should be designed to:

[ XTI L

6. Engage user
T II ] i|l| E communities

7. Develop Strong
Institutional Partnerships

8. Prioritize
Open Source

6‘ 9. Set clear,
long-term goals
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WHAT ABOUT MACHINE
| EARNING?



Input data Training samples Algorithm



1. Geo-diverse training data

Open Cities Africa

Morocco

Participating Cities

Mauritania

genegal

= Accra, Ghana
= Antananarivo, Madagascar
= Kinshasa, DRC

= Pointe-Noire and Brazzaville,
ROC

= Monrovia, Liberia

= Ngaoundere, Cameroon
= Saint-Louis, Senegal

= Victoria, Seychelles

= Stone Town, Zanzibar South

Atlantic

= Kampala, Uganda
Ocean

Syria
Tunisia
Iraq
Algeria
Libya Egypt
Saudi Arabia
Mali Niger
Chad Eritrea Yemen
Sudan
. Nigeria % Ethiopia
*/ Ghana ® Central African - South Sudan
() Reput Somalia
Cameroon
Republicof Democratic @ Kenya
o ‘ Republic of ®
® the Congo
Tanzania ®
Angola
Zambia - *
Mozambique
Madnggscar
Namibia
Botswana

South Africa

Iran

Oman

Open Data for
Resilience Initiative

GFDRR

Global Facility for Disaster Reduction and Recovery
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https://opencitiesproject.org/



2. Al challenges

2018 Open Al Tanzania Building Footprint Segmentation Challenge

Organized by jordan - Current server time: Nov. 20, 2018, 6:44 a.m. UTC

First phase End
Oct. 1, 2018, midnight UTC Nov. 10, 2018, midnight UTC
Learn the Details | Phases  Participate  Results  Forums %)
Overview Welcome to the Open Al Tanzania Challenge!

Evaluation

IALLYILINI ONIddYIW HYBIZNYZ

ZMI




»;;e‘; "R

asisNg'om

> E o
5 2% '
> 30 v A
G RV o
& )
X 2 Kanya Sweet f37 .
RS, & 1
e % G = §§ A
A, %\(a\\a’as“" z e é s ¢ c%
B 2 3 Turiani O G 3 ¥ o
Chalirg" B % Primary s § X
RAMAN I Kasanga Street ™ 4 School G FR%
o 2 &8
Kondoa street Magomeni ol o
Primary: 4 Uy =
o5
Schools & S 3
>
Ky S OF i
S 5
N -
6
S 1forg 95 g e
76, 09 55
S
%, -

’

L Salaaman

/¢/‘ Hospital
y /

Wiy, o ~
O eV '°90,°,
§ :
S

a ® MZimun e

B aS e I I l a. p ‘ U l \V d ata ".r,,-b o e Tradmonal§
Uiz SWE et Medicine s
Mala . = <\ i
4 O . Clinic \\\>°¢a e‘% A
Z

Ekenywa . R >
ALY
Hospital . *ev\‘s

Pans

Community assets
Flooding | drainage

Solid waste | solls



3. Best practices

MACHINE LEARNING

for
DISASTER RISK MANAGEMENT

A guidance note on how machine learning can be used for disaster risk management,
ncluding key definitions, case studies, and practical considerations for implementation




Outline of a machine learning project
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Project goals Data / imagery sources Sample collection Exploration
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Choice of algorithm Develop algorithm Validation Output




Considerations

X
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Selecting input data Accuracy metrics and DRM examples
evaluation




Summary: Supporting OpenML
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